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Headline:
The visit of Kamal Kharrazi to John
Kerry was denied
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Kamal Kharrazi said that Iran seeks
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Majority

logistic regression classifier with L1 regularization [15]
support vector machine classifier (SVM) [16]

random forest model [17]

Naive Bayes model [18]
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Method Acc F1 AGR DSG DSC UNR
Majority 522 .36 0 0 1 0
SVM .61 .58 834 405  .361 .04
Logistic_ Reg 597 b4 855  .369  .128 0
Random Forest 605 .55 .921 243  .298 .04
Naive Bayes bl .B75 866  .369  .021 0
stackLSTM_org .665 .628 .074 514 924 .406
stackLSTM .63 .57 185 486 .942 .25
LSTM .63 .65 444 486 695  .601

stackLSTM_reg .72 .71 .18 .571 .79 758

Table 1: Total accuracy, F1_score and classes accuracy
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Method Flm FNC-1
stackLSTM_ org  .497 719
stackLSTM .486 .692
LSTM .541 .68

stackLSTM_reg .583 747

Table 2: Macro F1 and Fnc score for proposed models
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batch_size = 200, kernel_initializer= glorot_ uniform , regularizer = regular-
izers.12(0.01) , epochs = 100, dropout for dense layer = 0 , dropout for both
Istm = 0.1, neuron count for each dense = 500, neuron count for each LSTM
=30
Results : Fl-score = .501 , Accuracy = .54 , Loss = 1.57
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batch__size = 200, kernel_initializer= None , regularizer = regularizers.12(0.01)
, epochs = 100, dropout for dense layer = 0.5 , dropout for both Istm = 0.2,
neuron count for each dense = 600, neuron count for each LSTM = 24
Results : Fl-score = .53 , Accuracy = .551 , Loss = 1.15
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